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Intelligent Acquisition of Rice Disease Images Based on

Python Crawler and Feature Matching
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Abstract; For timely diagnose and prevent the rice diseases,computer technology and image processing
technology were used for disesae diagnosis. Python crawler technology was used to compile image crawler
programs based on rice disease keywords. The feature matching of Matlab image was used to filter the
image set to improve the accuracy of image collection. The results showed that the extraction accuracy of
rice disease images obtained only by Python crawler technology was higher than 50. 00% , except bipolaris
oryzae. Among them, the extraction effect of gibberellic disease was the best, with an accuracy rate of
72.7% . The false detection rate of images after the feature matching screening was below 6. 00% , which
not only improved the accuracy of data collection, but also showed that rice diseases image acquisition
through the intelligent method was feasible.
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# coding = uif-8

import re

import sys

import urllib

import requests
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file_path="G: \pictures\’;

img_path_list=dir( strcat( file_path,’ * . jpg") ) ;

img_num = length (img_path_list) ;

if img_num>0

for j=1:img_num

image_name =img_path_list(j). name;

image = imread ( strcat ( file _path, image _
name) ) ;
image =imresize (image , [ 215 215]) ;
fprintf ("% d %d %s\n',1i,],strcat( file_
path,image_name) ) ;
imwrite ( image , strcat ("G ; \size \", image_
name) ) ;
end
end
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Tab.1 Results of rice disease images obtained by Python crawler technology

9i H AR & /A~ 2B E i /A 3k 5 K d /A iR
Disease Target quantity Real quantity Non-disease quantity Accuracy
5 JBR - B 9
'M}K Jr, 4 150 103 7 30.1
Bipolaris oryzae
I
ALK 150 149 73 51.0
Xanthomonas oryzae
150 150 41 72.7
Gibberellic disease
*ﬁmﬁ 150 147 44 70. 1
Rice blast
SUA
150 142 69 51.4
Banded sclerotial blight
R2 FECLESFRENKEREEGER
Tab.2 Obtaining results of rice disease images after feature matching
I Boat /A RR GBS < 5 Bk /4 e/ % BiR A/ %
Disease Quantity Quantity of Euclidean distance<5 Accuracy/ % False detection rate/%
5 IR - BRE g
H,JH( I‘hﬁ 103 32 30. 1% 1.39%
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I A
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